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Introduction

* JFA intuition

* A supervector for a speaker should be decomposable into speaker
independent, speaker dependent, channel dependent, and residual
components

* A given speaker GMM supervector s can be decomposed as follows:

§ = m+Vy+Ux+Dz\
/ /‘ '\ \ Speaker-dependent
“Ideal” speaker Speaker- Speaker- Channel- residual component

supervector independent  dependent dependent
component component component
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l-vector based GMM

* An i-vector system uses a set of low-dimensional total variability
factors (w) to represent each conversation side. Each factor controls
an eigen-dimension of the total variability matrix (T), and are known
as the i-vectors.

/S =m+ 1w
Conversation Total-variability -vector

side supervector matrix



Factor Analysis
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l-vector based DNN
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Fig 2 Proposed i-vector representation based on BN features for automatic LID [3]




Conclusion
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